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Abstract - Social media such as Twitter, Facebook are
becoming an indispensable part in our daily lives. The rapid
development of social media has attracted a large amount of
research attention. In this paper we build a network of
keywords based on their co-occurrence in documents.
Proposed a user-interest model based event evolution model,
named HEE model. The experimental results on real Twitter
dataset demonstrate the efficiency and accuracy of our
proposed model for both event evolution and user interest
discovering. Social media such as Twitter, Facebook are
becoming an indispensable part in our daily lives. The rapid
development of social media has attracted a large amount of
research attention. In this paper, it model a novel incremental
clustering problem for comment stream summarization on
SNS. It verify that IncreSTS possesses the advantages of high
efficiency, high scalability, and better handling outliers, which
justifies the practicability of IncreSTS on the target problem.
The traditional framework of early warning systems is
classified into of three phases: monitoring of precursors,
forecasting of an event, and the notification of a warning. In
addition of fourth phase is proposed, purpose of this phase is to
recognize that there needs to be a response to the warning.
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1. INTRODUCTION

Twitter, Facebook are becoming a partin our daily lives. The
rapid development of social media has attracted a large
amount of attention. Microblogging is a type of social media
where a user shares status updates and opinions in the form
of short messages. The recent popularity of microblogging
networks shows that microblogging is continuing to develop
and rapidly attract people. The information and data being
posted in microblogging is most often event-driven. This
allowed microblogging to become one of the source for
reporting real-world events. Social media plays an important
role in people's life.

Broadcasting events in microblogging networks is an
effective method of creating awareness, divulging important
information. So many existing approaches the information
content and discuss the event detection model and ignore
the user interest. This leads to difficult in tracking the
important events as they including identifying the influential
spreaders. There is further complication that the influential
spreaders interests will change during event evolution. The

influential spreaders plays interesting role in event
evolution. This has been largely ignored in traditional event
detection methods.

Proposed a user-interest model-based event
evolution model, named it as hot event evolution model.
Model not only considers the user interest distribution but
also the short text data in the social network. It is used to
model the posts and the recommend methods to discover the
user interests. It can solve the problem of data sparsity, as
exemplified by many existing event detection methods.
Improve the accuracy of event detection. A hot event
automatic filtering algorithm is applied to general events,
improving the quality and deficiency. Finally an automatic
topic clustering algorithm is applied to arrange the short
texts to the clusters with similar topics. An enhanced user-
interest model is proposed to combine short texts of each
cluster to form a long text document.

1.1 OBJECTIVE

Microblogging is a type of social media which allows people
to share and disseminate real-life events. Broadcasting the
social and other events in microblogging networks can be an
effective method of creating awareness, divulging important
information. Many existing approaches are developing at
dissecting the information content. Discussing the event
detection model and ignore the user interest which can be
discovered during event evolution. This is very difficult in
tracking the most important events as they evolve including
identifying the influential spreaders. There is a complication
given that the influential spreaders interests can change
event evolution. The influential spreaders play a key role in
event evolution and it has been largely ignored in traditional
event detection methods.

It propose a model a novel incremental clustering
problem and propose the algorithm IncreSTS, Which can
incrementally update clustering results using with the latest
incoming comments in real time. It provide the capability of
comment stream summarization on SNS. With the output of
IncreSTS, It will design a visualization interface consisting of
basic information, key-term clouds, and representative
comments. This presentation enables users to easily and
rapidly get an overview understanding of a comment stream.
From experimental results and a real case demonstration, it
verify that IncreSTS possesses the advantages of high
efficiency, high scalability, and better handling outliers,
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which provides the practicability of IncreSTS on the target
problem.

1.2 SCOPE

Proposed an improved user-interest model based event
evolution model, it is named HEE (Hot Event Evolution)
model. It not only considers the user's interest distribution,
but also uses the short text data in microblogging network to
model the data. A clustering algorithm is then used to
combine the related short texts into a single text document
to solve the problem of sparse data. Then according to the
users in the document and the scored topics, the topics of
each document is then modelled by LDA (Latent Dirichlet
Allocation) topic model to get the topics of the whole
document and the interests of users. To solve this problem,
an automatic event and user scoring method, encompassing
the authority value and minimum distance of the posts. The
method can achieved on basis of the idea that the
representative posts under specific event usually have
higher authority. There is event difference between the posts
in a microblogging network. The high popularity of SNSleads
to the quantity of comments may increase at a high rate after
publishing a social message. In fact that users may desire to
get a brief understanding of a comment stream without
reading the whole comment list. It will group comments with
similar content together and generate a concise opinion
summary of the message. Different users may request the
summary at any moment so that the existing clustering
methods cannot be directly applied and cannot meet the
real-time need of this application. It model a novel
incremental clustering problem for comment stream
summarization. It propose IncreSTS algorithm that can
incrementally update clustering results with latestincoming
comments. Design a visualization interface to help users
easily and rapidly get an overview summary.

2. RELATED WORK

Event detection methods based on topic modelling are
increasing in popularity. For example, PLSA (Probabilistic
Latent Semantic Analysis) and LDA are two important
approaches to detect the hidden variables in microblogging.
Such methods model the word occurrences with a
probabilistic theory, and measure the topical similarity
among the words. Existing research only discusses event
detection methods but ignore the event evolution and
strategies to combine messages regarding the same event.
This leads to problems in dynamically tracking hot events
and the identification of the influential spreaders. The
traditional framework of early warning systems is classified
into of three phases: monitoring of precursors, forecasting of
an event, and the notification of a warning. In addition of
fourth phase is proposed, purpose of this phase is to
recognize that there needs to be a response to the warning
and its responsibility relies on emergency response agencies.

Table -1: Analysis Comparison between SVM and PLNN

Comparison SVM PLNN
Parameters Classier Classifier
True Positive 5 52
True Negative 920 905
False Positive 2 17
False Negative 76 29
Precision 71.3245 75.435
Accuracy 91.333 96.456
Sensitivity 6.45 64.466
Specificity 99.457 98.321
Feature Sub-Event Tweet
Extraction Detection Selection
Twitter Event
Stream Summary

Fig -1: Real-time Sub-event Detection and Summarization
3. PROPOSED SYSTEM

Proposed a user-interest model-based event evolution
model, named the hot event evolution model(HEE). This
model uses the short text data in the social network to model
the posts and the recommend methods to find the user
interests. This can resolve the problem of data sparsity, as
exemplified by many existing event detection methods, and
improve the accuracy of event detection. A hot event
automatic filtering algorithm is initially applied of general
events, improving the quality and deficiency of mining the
event. Then, an automatic topic clustering algorithm is used
to arrange the short texts into clusters with similar topics.
An improved user-interest model is proposed to combine the
short texts into a long text document.

It explore the problem of incremental short text
summarization on comment streams from social network
services. It proposed the IncreSTS (standing for Incremental
Short Text Summarization) algorithm to discover the top-k
clusters including different groups of opinions towards one
social message. For comment clusters, important and
common terms will be extracted to construct a key-term
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cloud. This key-term cloud provides an at glance
presentation that users can easily and rapidly understand
the main points of similar comments in a cluster. Our
objective is that to help users getan overview understanding
without reading all comments.

3.1 HEE MODEL

Modules:

>The Event Automatic Clustering Algorithm.
>The User Community Detection Algorithm.
> Personalized User Interests Discovery.

The HEE model is composed of four modules:
Specifically, first, a hot event automatic filtering algorithm is
proposed to remove the influence of general events. Then, an
automatic topic clustering algorithm is proposed to combine
all short texts with similar topics into clusters. And an
improved user interest model is proposed to integrate all
short texts in each cluster to form a long text document
simplifying the determination of the overall topic in relation
to the interest distribution of each user during the evolution
of hot events. Finally, a cosine measure based event
similarity detection method is proposed to judge correlation
between events, detecting the process of event evolution.

3.2 SUMMARIZATION

Another map-like presentation system Twitter- Stand
further considers incorporating geographic location of
tweets to automatically obtain late breaking news. In
addition, with collections of short posts on a specific topic,
the authors in aim to create short summary sentences that
best describe the primary gist of what users are saying
about. With similar intention of, work of employs both
generative model and user behaviour model to synthesize
content from micro-blogging messages on the same topic
into a prose description of fixed length. On the other hand,
the research topic of analysing product reviews has also
attracted much attention. The first step of these approaches
is to obtain important idea of product features from review
texts. Subsequently, in addition to traditional techniques of
data mining or machine learning, natural language
processing and are commonly incorporated to achieve
various summarization needs.

3.3 EARLY WARNING SYSTEM

Million people have been killed over the last decade by
disasters caused by storms, droughts, floods. EWS has
framework includes the additional fourth phase. The
purpose of this fourth phase is to recognize that there needs
to be a response to the warning and its responsibility relies
on emergency response agencies. Early warning system,
EWS comprises four inter-related elements, spanning
knowledge of hazards and vulnerabilities through to

preparedness and capacity to respond. A weakness or failure
in any one of these elements could result in failure of the
whole system.

4. CONCLUSION

Model a novel incremental clustering problem and propose
the algorithm IncreSTS, which incrementally update
clustering results with latest incoming comments. Using the
output of IncreSTS, a visualization interface consisting of
basic information is designed, key-term clouds, and
representative comments also designed. IncreSTS possess
the advantages of high efficiency, high scalability, and better
handling outliers, which justifies the practicability of
IncreSTS. In the future work, other attributes of tweets (e.g.,
embedded URL) to compute the relatedness between two
tweets for customizing the concepts of co-occurrences.
Therefore plan to apply other types of community detection
methods to better extract posy topics. Other research points
are also including about how to predict the behaviour
changes of influential users during the evolution. And also
how to predict the popularity of hot events in the future.
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